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Face R ecognition Based on E igenfaces and BT -SVM C lassifiers

HU Lin-feng LIU Zun—xiong M A Ru-cheng

(School of Infom ation Engineering East China Jiaotong University Nanchang 330013, China)

Abstract The techniques of eigenfaces and Bnary Tree Support Vector Machine( BT-SVM ) classifier are cam -
bined to recognize face in this paper A series of eigenfaces are firstly established fran the training mages and
the training and testing inages are projected inlo the space spanned by the eigenfaces producing the coeffi-
cients The BT-SVM classifiers are builtwith training coefficients which are used for classifying training and tes-
ting inages and recognition accuracy percenlage values are calculated The experinents are mplemented with
ORL face databases and the resulis demonstrate that BT-SVM classifier has better performance than SVM.

Key words eigenfaces BT-SVM: face recognition
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