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EO/E E1/E E2/E E3/E E4/E ES/E E6/E E1/E
1 0.708 5 0.278 7 0.036 5 0.147 8 0.001 9 0.026 7 0.134 1 0.245 3
2 0.693 4 0.291 0 0.030 1 0.168 7 0.002 5 0.0310 0.1187 0.232 1
3 0.2155 0.879 4 0.436 7 0.316 7 0.108 9 0.097 8 0.100 2 0.213 7
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0.207 4 0.103 2 0.976 3 0.306 5 0.253 1 0.199 1 0.102 1 0.140 5
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Fault Diagnosis of the Rotating Equipment Based on Wavelet Analysis
and Adaptive Fuzzy Neural Network

Wang Zhiwei Hu Yu Li Yingwei
( Key Laboratory of Conveyance and Equipment of Ministry of Education East China Jiaotong University Nanchang 330013 China)

Abstract: In view of limitation of the traditional fault diagnosis and the individual intelligent diagnosis fault diag—
nosis of the rotating equipment is studied by combining fault feature extraction of wavelet analysis and adaptive
fuzzy neural network. A simulation experiment of motor fault diagnosis shows that compared with the individual
neural network ANFIS has higher diagnosis accuracy and speed.
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