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R2 TEASEBTHHLERER %

V= =3 LR KLR SVM

AR Attt 20 RBF % At 2O RBF #
20 89.17 95.00 95.00 91.25 95.42 88.33 89.17
30 88.10 90.95 91.90 88.57 92.86 84.76 88.10
40 91.11 92.78 92.78 91.11 94.34 78.33 90.00
50 93.33 94.67 94.67 94.67 94.00 80.00 94.67
60 94.17 92.50 92.50 95.83 91.67 74.17 94.17
70 96.67 96.67 98.89 96.67 92.22 86.67 97.78
80 96.67 95.00 95.00 96.67 90.00 85.00 96.67
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Musical Instrument Audio Identification Based on Kernel Logistic Regression
Liu Zunxiong, Xu JinfengZeng Lihui

(School of Information Engineering East China Jiaotong University » Nanchang 330013, China)

Abstract ; Audio classification based on statistical learning has attracted widespread attention and been widely used in
audio classification system, because of better theoretical foundation and simple implementation mechanism - Based on
exploration on theory about kernel logistic regression (KLR)a novel approach for audio classifier is put forward with
the help of KLR in this paper-It is used to handle music form the same type of musical instrument - Music signals are
collected with violin, viola and cellosand all the signals are preprocessed to extract features- The processed samples are
used in experiments; the classification performances are compared with traditional LR and Support Vector Machines
(SVM) - Simulation results show that KLR performs better on classification accuracy and non-linear processing ability -

Key words :kernel logistic regression ; audio classification ;feature extraction
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