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Tab.1 Accuracy of different parameters

(B2 23 AR YA~ WA~ TERA /%
y=10, 6>=0.2 K=8 100 80 80.39
y=15,0°=0.1 K=10 100 80 71.08
y=1, ¢°=09 K=12 100 80 87.58

A2 1 AT, 24400 A I 12, A% S50 I y =1, o =0.9 I}, LA 4325 P i v iff e f 25, K 87.58%
R2 AESHWIEITHIE

Tab.2 Running time of different parameters

PIGEEARA A R AR5/ LLE+LS SVM/s
50 30 y=10, ¢°=02 17 68.97
100 50 y=15, ¢*=0.1 15 14.25
150 80 y=8, ¢°=02 13 39.56
200 110 y=4, 0¢°=0.8 10 27.32
300 200 y=1, ¢°=09 12 9.79
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Tab.3 Comparison of different classification methods

AFTE IGFEARA MAREA MR % I i i /s
PCA 50 130 72.9 43.8
LLE 50 130 73.3 42.1
PCA+LDA 50 130 80.1 30.4
LLE+LDA 50 130 81.6 26.1
LLE+LS SVM 50 130 87.3 12.7
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Classification of Gastric Cancer Cells Based on LLE and LS SVM

Gan Lan,Lv Wenya
(School of Information Engineering, East China Jiaotong University , Nanchang 330013, China)

Abstract: It is difficult to recognize gastric tumor cell images by the the linear classification methods for the
complexity of gastric tumor cell images, the irregular shape of tissues and organs and the differentiation of dif-
ferent cells. As nonlinear classification methods, local linear embedding (LLE) can well deal with nonlinear da-
ta and least squares support vector machine (LS_SVM) can well resolve small sample size, high dimension and
generalization issues. A classification method is proposed in this paper based on LLE and LS _SVM. The linear
fitting function is used to fit its linear errors, the linear fitting error is used to determine the results, finally supe-
riority of method in this paper is compared with other classification methods.It is proved by the experiment re-
sults that this method has a significant advantage in classification accuracy and running time.
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