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Tab.1 The SAD between endmembers extracted and the standard spectrum

LB S A VCA

841 (Sphene) 0.073 2 0.0756
A7 (Nortronite) 0.069 6 0.073 3
FA AT (Kaolinite) 0.229 5 0.2347
Z2/5i 47 (Montmorillonite ) 0.105 6 0.054 3
T B (Chalcedony) 0.205 7 0.134 3
TP (Desert Varnish) 0.1922 0.208 1
WAL (Alunite) 0.063 3 0.089 2
£ K47 (Buddingtonite ) 0.096 9 0.108 6
B (Muscovite) 0.072 1 0.078 1

Sphene

MMMontnorillonite Chalcedowny Desert varnish

Alunite Buddingtonite Muscovite
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Fig.2 Abundance maps of different minerals
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The Spectral Unmixing Based on OSP and NMF

Xu Jun,Zhan Aiyun, Liu Zhiwei

(School of Information Engineering, East China Jiaotong University , Nanchang 330013, China)

Abstract: Because of the high similarity to the linear spectral mixing model, non-negative matrix factorization
(NMF ) has become a hot research topic in spectral unmixing algorithms. In order to avoid uncertainty of the re-
sults due to the NMF algorithm dropping into a local minimum solution, this paper proposes orthogonal sub-
space projection (OSP) to estimate the number of endmembers, Meanwhile, the calculation method for the sim-
plex volume is simplified. The experimental results show that the abundance map obtained from spectral unmix-
ing can reflect the real distribution of surface minerals.
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