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Tab.1 Prediction errors of different hidden layer nodes
A 2 R
m 107! 3 0.040~0.116 0.006 2
g 4 ~0.091~0.123 0.0112
= o 5 ~0.010~0.083 0.007 3
6 ~0.072~0.142 0.009 4
7 ~0.028~0.033 0.001 9
1073 o . 8 ~0.041~0.081 0.007 5
0 2 i)ﬁ " (7\%1 R 8 10 9 0.081~0.045 0.007 7
‘ ‘ 10 ~0.090~0.111 0.009 9
2 BPHER&II%ER 1 -0.071~0.101 0.009 6

Fig.2 Training result of BP neural network
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Fig.3 Predictive value and the actual value
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Tab.2 Prediction results with test samples

¥ TEEC TRBE/% F B k% AUl e SEPRA
1 0.585 2 0.4182 0.3889 0.445 7 0.442 4
2 0.6370 0.563 6 0.277 8 0.464 1 0.461 6
3 0.681 5 0.1273 0.055 6 0.141 4 0.14 42
4 0.492 6 0.1455 0.544 4 0.3513 0.3539
5 0.466 7 02727 0.5222 0.3822 0.384 6
6 0.448 1 0.1455 0.018 2 0.129 5 0.1272
7 0.492 6 0.2222 0.355 6 0.166 5 0.164 4
8 0.529 6 0.381 8 0.377 8 0.360 1 0.362 0
9 0.5370 0.454 5 0.4222 0.4519 0.450 2
10 0.544 4 0.4727 0.533 3 0.563 6 0.562 2
11 0.559 3 0.636 4 0.488 9 0.567 7 0.568 9
12 0.563 0 0.654 5 0.1222 0.286 0 0.286 9
13 0.570 4 0.763 6 0.088 9 0.2959 0.2952
14 0.566 7 0.709 1 0.2222 0.3953 0.394 8
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Fig.4 Intelligent monitoring system Fig.5 Flow chart of tobacco mildew prediction module
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Mildew Prediction of Warehousing Tobacco Based on BP Neural Network

Zhang Lihua,Ma Junzhao, Le Guoqing , Dai Xichang,

(East China Jiaotong University , Nanchang 330013, China)

Abstract: There is still no effective solution to mildew prediction. In order to forecast the moldy degree of ware-
housing tobacco in real time, a tobacco mildew prediction model is established by BP neural network, in which
temperature , humidity, and tobacco moisture are selected as the network input and the mildew degrees of the to-
bacco are extracted as the network output. Firstly, the measured data of 78 sets are used as training samples to
obtain the threshold value and the weight value of BP neural network. The data of 14 samples are simulated
with linear regression analysis to validate the proposed model. The results show that the deviation range be-
tween the predictive value and the actual value is [ -0.028, 0.033 ], and the relative error’ s absolute mean is
0.0019 . Finally, the tobacco mildew real-time prediction is proved to have higher prediction precision in the to-
bacco warehouse intelligent monitoring system based on embedded ARM+Linux+Web.
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