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Tab.1 The numerical results of Example 1

ik o r A i hl/s
TSN (-1.239 475,1.207 438,-1.161 166,---,1.291 455)  1.018 385  0.096960 120

SN (-1.239 475,1.207 438,-1.161 166,---,1.291 455)  1.018 385  0.096 960 587 8
PROGRESS  (-1.339223,1.269 973,-1.219 799,---,1.168 995)  1.094 655  0.234 161 414

Hrp:o=(-1.2,1.2,-1.2,1.2,-12,1.2,-1.2,1.2)",/'= 1,
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Tab.2 The numerical results of Example 2

Jr ik X J 1)/
TSN (-0.184 274,-0.125 505,-2.100 411,---,0.521 104) ~ 0.040 820 2
SN (-0.184 274,-0.125 505,-2.100 411,---,0.521 104)  0.040 820 14

PROGRESS ( 0.052 362,-0.002 260,-2.475 498,---,0.525 396) 0.278 631 221
Hr: 2°=(-0.1,-0.1,-2,1.5,-1.5,0.6)" .
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Truncated Aggregate Smoothing Method for Nonlinear LTS Estimator

Xiao Yu

( School of Basic Science, East China Jiaotong University, Nanchang 330013,China)

Abstract: The computing of the nonlinear least trimmed squares (LTS) estimator is considered. LTS is a robust esti-
mator and can be converted to a min—min non—convex and non—smooth programming problem. For the data set
with size m , the objective function is the minimum of all the 7 —subsets” residual sum of squares. Even if m is
not big, the number of the subsets may be very large which makes computing LTS estimator difficult. For such a
special kind of problem, an appropriate truncated criteria standard is given and then an efficient truncated smooth-
ing Newton method is proposed. The numerical results show the efficiency.

Key words: LTS estimator; aggregate function; truncation smoothing
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Collision Simulation Analysis of Indoor Parking

Anti—collision Belt Design

Wu Zhong, Su Zhibei

(College of Civil and Transportation Engineering, Hohai University , Nanjing 210098,China)

Abstract: Aiming at indoor parking collision damages, this paper proposes the design of anti—collision belt and es-
tablishes vehicle collision model with or no anti—collision belt. The rectangular anti—collision belt and wavy anti—
collision belt performances are analyzed through LS=DYNA for simulation of vehicle collision into the wall body.
The results demonstrate the equivalent stress distribution and energy conversion of anti—collision belt and the vehi-
cle fender, which confirms that the anti—collision belt can effectively reduce vehicle damage degree and the effect
of the rectangular anti—collision belt is better.

Key words: indoor parking; anti—collision belt; fender; collision; LS=-DYNA simulation
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