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Fig. 1 The schematic diagram of LAR selection
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Tab.2 Experimental results of the Lasso regression

A Terms 1-ROCA% hm:.1 lam% hm% sm% Time/ms

12 467 0.034 363 0.091 0.105903  0.064 0.170 25 4.961

10 672 0.030 658 0.077 25 0.092351  0.067 0.126 4212

8 1 106 0.027 174 0.065 25 0.08 776 0.069 5 0.11025 4.321

7 1481 0.025 315 0.064 25 0.085761  0.071 0.103 25 4.181

R3 LassolMFIRFLEFEHOTMRELER

Tab.3 The experimental results with the logistic regression and Lasso lexical selection

A Terms 1-ROCA% hm:.1 lam% hm% sm% Time/ms
12 467 0.007 371 0.003 5 0.018337  0.037 0.009 23.135
10 672 0.004316 0.00275 0.016319  0.033 0.008 37.553
8 1 106 0.002247 0.00075 0.011 65 0.0225 0.006 83.873

7 1 481 0.001436 0.00075 0.009394  0.016 0.005 5 143.062
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Spam Filtering of Chinese Text Email Via Lasso

Xu Zheng ', Liu Zunxiong?, Zhang Xianlong*

(1. School of Electrical and Electronic Engineering, East China Jiaotong University, Nanchang 330013, China; 2.School of
Information Engineering , East China Jiaotong University, Nanchang 330013, China)

Abstract: Text email data depicted with vector space model are of high dimensionality and sparsity, which are not
suitable for establishing email filtering classification model. Generally, such data should be reduced before classifi-
er training. Lasso regression is a multivariate linear model based on 11 regularization, which can estimate model pa-
rameters while selecting the variables simultaneously. In this paper, the approaches to email classification based
on Lasso are proposed. Also, the Lasso classification model and the logistical model with the selected term are es-
tablished. Besides, simulation experiments with TRECO6C are carried out, and the results show that logistic regres-
sion model plus the term selected with Lasso achieves better performances.

Key words: Chinese text email; spam; filtering; Lasso; logistic regression
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Treatment Experiments of Coordination Extraction—Resin Absorption

for Caprolactam Wastewater

Lu Xiuguo, Lin Pan, Deng Yue, Huang Yanmei

(School of Civil Engineering and Architecture, East China Jiaotong University, Nanchang 330013, China)

Abstract: The treatment of caprolactam wastewater by coordination extraction—resin absorption is discussed in
this paper. The experimental study showed that for caprolactam wastewater of CODer58000mg/L with 3500 times
of chromaticity, about 99% of CODcr was removed and chroma reached 100% through coordination extraction—re—
sin absorption. Besides, the factors of the experiment are analyzed and the further research problems are illustrat-
ed in this paper.

Key words: coordination extraction; resin absorption; caprolactam; removal rate



