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Fig.1 The training images in one class being further divided into multiple small group spaces
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Fig.2 Sliding window intercepts chunks in the coefficient
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Tab. 1 Face recognition error rates before and after changing the arrangement of the intra—class sample in the dictionary
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Tab. 2 The comparison of face recognition rates between SGA and other algorithms
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Face Recognition Model of Structural Sparse with

Intra—class Combined Search

Cai Tijian"?,Xu Jun®, Xie Xin’

(1.School of Information and Science Engineering, Central South University, Changsha 410075, China; 2. School of Information
Engineering, East China Jiaotong University, Nanchang 330013, China)

Abstract: The paper introduces a new face recognition model of sparse representation, which is based on the clas-
sical model of sparse representation—based classification (SRC), and utilizes the structure prior information of the
data dictionary. Considering the feasibility of the algorithm, it proposes the face recognition model of structural
sparse with intra—class combined search that the data dictionary is chunked by natural class, all combinations of
specified length are searched in class and blocks in different class are combined to look for the block which can
best represent test data. In order to verify the performance of the model, it uses the structured greedy algorithm to
realize intra—class combined search and other structural sparse, and compares their performance of face recogni-
tion. The experiments show face recognition rates of the model with intra—class combined search are higher than
other structural sparse, and the model has stable performance which is not affected by the arrangement of the data
dictionary.

Key words: face recognition; compressed sensing; structural sparse; combined search; structured greedy algorithm
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(E#F357)
Study on Construction Scheme of X—type Highway Arch Bridge on
Existing Railways

Pan Jihong

(Electromechanical Device Installation Co.,Ltd., CTCE Group, Nanchang 330200, China )

Abstract: It is difficult to install highway— railway overpass on existing railway lines due to the high requirement
in construction, security and timeliness, especially for X—type highway arch bridges. This paper, taking highway—
railway overpass as the research object, systematically introduces the comparison and selection of construction
schemes and the specific technology and safety measures of installation scheme of beaming across lines without
protective scaffolding. It then finds out the secure and efficient scheme , which can provide a reference for the simi-
lar engineering.

Key words: highway and railway overpass; X—style arch bridge; full framing support; crossing scheme; safety mea-

sures
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