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Fig. 3 Original image
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Fig. 5 Feature points matching images
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Fig.7 Feature points matching images

4
Fig. 4 Extraction of image matching point
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Fig. 6 Effect image after matching
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Fig. 8. Effect image after matching
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Strategic Study on Ningbo Port Expanding Midwest Hinterland
Under the Initiative of “One Belt, One Road”

Xu Ying, Dong Wenjuan, Zhang Xuemei

(1. School of E—commerce, Ningbo Dahongying University, Ningbo 315175,
China;2. Business School, Zhejiang Wanli University, Ningbo 315100, China)

Abstract: Ningbo is a crucial gateway of “Maritime Silk Road in the 21st Century”. Under the background of
“One Belt, One Road” initiative, expanding Ningbo Port’s hinterland has great practical significance in main-
taining long—term and stable development of ports, constructing international ports, and achieving “win—win” of
ports and the hinterland. This paper, taking Ningbo as an example, used empirical analysis to analyze the vari-
ous advantages of Ningbo Port expanding midwest hinterland, and discussed such local policies as taking ocean—
rail combined transportation and establishing “the port economic circle”. Finally, the paper provided some mea-
sures for expanding Ningbo Port’s hinterland, including river—ocean combined transportation, developing entre-
pot trade and accelerating the construction of dry port.

Key words: One Belt & One Road; Ningbo Port; hinterland
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Research on SIFT Image Matching Algorithm Based on
Compressed Sensing

Xie Xin', Xu Yin', Xiong Huandong', Li Bo', Hu Fengping®

(1. School of Information Engineering , East China Jiaotong University , Nanchang 330013, China ;
2. School of Civil Engineering and Architecture East China Jiaotong University ,Nanchang 330013, China)

Abstract: Aiming at the disadvantages of massive calculation and slow speed of traditional scale invariant feature
transform (SIFT) algorithm, this paper proposes an improved image matching method which combines compressed
sensing (CS) algorithm. Firstly, target images and images to be matched are preprocessed and compressed by us-
ing compressed sensing technology. Then, image feature points are extracted in combination with SIFT algorithm.
Finally, sequential similarity detection algorithm (SSDA) with adaptive threshold is used for fast search of image
matching to find an optimal matching position, and a matching image is obtained. Experimental results demon-
strate that the method realizes fast image matching, efficiently overcomes the shortcomings of heavy computation
and low efficiency in the process of extracting image features, and guarantees the matching accuracy and effi-
ciency, which meets the real-time requirements in machine vision system.

Key words: scale invariant feature transform; compressed sensing; sequential similarity detection algorithm;

adaptive threshold value



