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Multimodal Emotion Recognition Based on Speech Signal
and Text Information

Chen Pengzhan,Zhang Xin, Xu Fangping

(School of electrical and Automation Engineering, East China Jiaotong University, Nanchang 330013, China)

Abstract : Emotion recognition has become an indispensable part of human —computer interaction. This paper
propsesa fusion method of speech signal and the text information in emotion recognition,because of the low
recognition rate and poor reliability of single modal emotion recognition. First of all,collecting specific emotional
state of the speech signal and text information ;then extracting the speech feature parameters and keywords emo-
tional characteristic parameters of text information and optimize it; finally, recognition results are obtained by
weighted fusion of the output results of two single modal identification devices. According to the results of exper-
imaental ,it showed that the dualmodal emtoion recognition technology has higher recognition accuracy.

Key words: speech signal ;text recognition ; parameter optimization ; gauss mixture model
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