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Chaotic Time Series Prediction Based on Minimax Probability Machine Regression

LIU Zun-xiong, LIU Jian-hui

(School of Electronics and Electric Engineering: East China Jiaotong University; Nanchang 330013, China)

Abstract ; Minimax Probability Machine Regression(MPMR) is proposed for chaotic time series global prediction in this

paper- In MPMR., regression function maximizes the minimum probability that future predication will be within an € to the

true regression function- Multi-step predictions up to 20 steps were done on Mackey-Glass chaotic time series with MPMR
and Local Weighted Linear Regression (LWLR)- The results demonstrated that MPMP had satisfactory prediction effi-
ciency s compared with LWLR - Kernel function shape parameter and regression tube value will influence the MPMR-based

-y

systenmEmerfgmance.: 4ln experiments ., we se cross validation to choose the two parameters -

Key words : chaotic time series ; global predition; minimax probability ; regression



