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Tab.1 Importance index of each factor at different lag periods
1 2 3 4 5 6 7 8 9
ex_cily 9.86 9.67 8.43 9.15 7.61 8.87 9.14 9.85 8.61
ex_rural 11.12 10.94 10.54 10.02 8.26 8.26 8.52 9.71 8.41
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Tab.3 Stepwise regression results (considering lag period)
t-Statistic P
C 2.008 345 0.351 743 5.709 688 0.000 1
inc_rural 1.276 359 0.140 713 9.070 679 0.000 0
GDP2 1.128 840 0.204 045 5.532 319 0.000 1
ex_city -1.581 911 0.173 651 -9.109 713 0.000 0
investment 0.763 510 0.207 218 3.684 569 0.003 1
GDP -0.918 425 0.355 099 -2.586 392 0.023 8
R=0992 742, 1, . P 0.05, 95% : Y
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Tab.4 Comparison of real and predicted values considering the lag period
(Y ) / /
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Airport Passenger Throughput Forecast Considering Lag Period

Liu Yue,Zhu Jinfu,Chen Xian

(College of Civil Aviation, Nanjing University of Aeronautics and Astronautics, Nanjing 211106, China)

Abstract: The impact factor of airport passenger throughput usually has a lag period. After selecting the influ-
encing factors, the paper determines the lag period of each factor by the random forest importance index. Then, a
stepwise regression model for throughput prediction is established using the data of Nanjing Lukou International
Airport from 1987 to 2018. Finally, the model effect is evaluated and the throughput of Nanjing Lukou Interna-
tional Airport in 2019 and 2020 is predicted based on the established model. The results show that the influence
of impact factors on passenger throughput has a lag period ranging from 1 to 9 years. By comparing with the
model without considering the lag period, it is found that the model fitting effect considering the lag period is
better and the reduction is significant. Therefore, it is necessary to introduce the lag period into the airport pas-
senger throughput forecast.

Key, words:-lag period; prediction; randem forest; stepwise regression; neural network



