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Time Series Prediction Based on Mixture Autoregressive Model
and BP Neural Network

WU Jun-feng, JIANG Qi-bao

(Department of Mathematics: Southeast University Nanjing 210096, China)

Abstract ; On the basis of components number estimation in mixture autoregressive model of time series this paper use BP
neural network method to forecast the time series,and example calculation manifest the high accuracy of model and wide

prospect in practical forecasting-
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