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Facial Gender Classification Based on Eigenfaces and LS —SVM Classifiers
LIU Zun-xiong> MA Ru-cheng
(School of Information Engineering: East China Jiaotong University - Nanchang 330013, China)

Abstract :The techniques of eigenfaces and Least Squares Support Vector Machine (LS —SVM) classifier are combined to
categorize gender from facial knowledge in this paper - We will firstly establish the eigenfaces from the training images » and
then obtain the projection coefficients for training and testing images in the space spanned by the eigenfaces-The LS —
SVM classifiers are built with training coefficientswhich are used for classifying training and testing images» and classifi-
cation accuracy percentage values are calculated -The experiments are implemented with self —made facial images and the
results demonstrate that LS —SVM classification has better performance than the other classification algorithms -In experi-
ments we also use cross validation to determine the number of selected primary components and kernel function parameter -

Key words :facial gender classification ; eigenfaces ;LS —SVM; cross validation



