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Fig.1 Definition of traffic incident duration
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Tab.2 Prediction analysis of car accident casualties

I ] B /min A S R A A £ A ARRI%
0~15 0 0
0~30 70
15~30 10 7
30~45 11 9
30~60 71.4
45~60 17 11
60~75 12 11
>60 75~90 6 4 72.7
>90 4 1
JSSUliEv S 60 43 71.7
R3 TEEHENRETHTINS T
Tab.3 Prediction analysis of no car accident casualties
B[] B /min AR S U AR AREI%
0~15 18 14
0~30 76.1
15~30 28 21
30~45 20 17
30~60 75.8
45~60 13 8
60~75 4 2
>60 75~90 0 0 40
>90 1 0
B 84 62 73.8
R4 FHEINRETIS
Tab.4 Predictive analysis of car vehicle breakdown
B[] B /min I S B Ry A AT KA AR %
0~15 22 19
0~30 86.3
15~30 29 25
30~45 11 10
30~60 63.2
45~60 8 2
60~75 7 2
>60 75~90 3 1 57.1
>90 3 1
AR 83 60 723
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Tab.5 Predictive analysis of truck vehicle breakdown
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Tab.6 Predictive analysis of cargo drop
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Traffic Incident Duration Prediction Based on Bayesian Network

Zheng Changjiang, Ge Shengyang, Zheng Shukang

(College of Civil and Transportation Engineering, Hohai University, Nanjing 210098, China)

Abstract: With the continuous improvement of data collection instruments and related research and technological
development, establishing models based on data mining has become the main direction for studying the traffic inci-
dent duration. Based on traffic incident data from the Dutch transport sector, this paper conducts classification and
pre—processing, analyzes the event duration frequency chart, and classifies the collected data according to the typi-
cal event category. By using principal component analysis and stepwise regression to extract significant impact fac-
tor, it establishes Bayesian network model through data mining software WEKA .Then with 80% of the data in the
dataset to learn modeling, 20% of the data as a test set to test the predicted effects, this study makes performance
evaluation. Experimental results show that compared to other prediction methods, Bayesian network model algo-
rithm has higher prediction accuracy and high randomicity for a number of large traffic events with many variables.
Key words: urban traffic; traffic incident duration; Bayesian network model; datasets classification; impact factor

extraction; WEKA
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