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F1 T2HMEEENHRMERESETARLNBRELELE R (1=968)

Tab.1 Initial clustering results of passenger spatial behavior patterns in the domestic departure area of T2 (n=968)

ik 75 23 T 47 D s 2R 2

X 35, EREF W E sig
1 2 3 4 5 6
VARO00001 0 1.000 0 0 0 10.426 0.046
VAR00002 0 0 1.000 0 0 23.833 0.003
VARO00003 1.000 0 0 0 1.000 0 12.663 0
VAR00004 0 1.000 0 0 1.000 13.711 0
VARO00005 0 0 0 1.000 0 25.312 0
VAR00006 0 0 0 0 0 11.383 0.038
VARO00060 0 1.000 0 0 0 0 30.426 0.019
VARO00061 1.000 1.000 0 0 1.000 0 18.540 0.059
VAR00062 0 0 0 0 0 1.000 15.435 0.012
FEAS B 77 154 107 415 31 184 2t 968

HIBIIA TR R T e bul 1 AL 5 808U XE R ARRL BLAFTE 62 A X sig fHR T 0.05
PG, UL iR 2L PO B BE B AR DR 22 | IR IR AR VRE AR B 5 91 D9 — 28 eI K {H 0 5, #5300z T SPSS 4k
A48 D e Bl A ORI B0 SR A5 AT A

IR TR 2 23 AT AR 5 R 2R AL Ik 2 o it 62 A~ XSk sig (447N T 0.05, 7] LA
5 Fas ()47 A2 I 2 A4 W 35 22 5%, JE i - kAT Rl o8
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Tab.2 Optimized clustering results of passenger spatial behavior patterns in the domestic departure area of T2 (n=968)

ik % 23 (A AT R AR 2

X I LSREF BV sig
1 2 3 4 5
VAR00001 0 0 0 0 0 12.066 0.035
VAR00002 0 0 0 0 0 40.935 0.001
VAR00003 1.000 1.000 1.000 1.000 1.000 37.540 0
VAR00004 1.000 1.000 1.000 1.000 1.000 14.824 0.001
VAR00005 1.000 0 1.000 1.000 0 28.895 0
VAR00006 0 0 0 0 0 16.689 0.022
VAR00059 0 1.000 0 1.000 0 34.110 0.003
VAR00060 0 0 0 0 0 11.066 0
VAR00061 0 0 1.000 0 0 27.623 0.003
VAR00062 0 0 0 0 0 5.345 0.013
FEA 262 244 230 62 170 Mt 968
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Tab.3 Sample attribute ratio

—— 51 E8i
it Lotk GER H4F EAF
1 56.32% 43.68% 23.87% 35.74% 40.39%
2 57.74% 42.26% 38.82% 40.32% 20.86%
3 31.19% 68.81% 59.20% 31.55% 9.25%
4 51.24% 48.76% 65.23% 34.77% 0.00%
5 30.44% 69.56% 66.39% 30.16% 3.45%
— 2 55 — I AE AL L HWeA
v i < 5000 7T 5 000~10 000 JT > 10 000 JT
1 40.38% 59.62% 66.91% 20.45% 12.64%
2 50.61% 49.39% 26.56% 33.81% 39.63%
3 60.43% 39.57% 24.14% 32.25% 43.61%
4 45.78% 54.22% 31.15% 34.33% 35.52%
5 59.48% 40.52% 10.06% 39.70% 50.24%
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Research on Air Spatial Behavior Patterns of Passengers
Based on K-means

Zhang Tianxuan, Bao Danwen, Di Zhiwei, Gu Jiayu

(College of Civil Aviation, Nanjing University of Aeronautics and Astronautics, Nanjing 211100, China)

Abstract: The study of passenger spatial behavior patterns in the terminal building is essential for the terminal
managers to meet the needs of passengers with different attributes and improve service levels. The research
adopts the K—means clustering method to subdivide spatial selection behaviors of domestic departing passengers
of Nanjing Lukou International Airport Terminal 2. In the process of segmenting passengers, it clusters behav-
ioral paths of domestic departing passengers into five types of spatial behavior patterns and the different distribu-
tions of the basic attributes such as gender, age and income of passengers in these five types are analyzed. The
research also shows that commercial facilities in terminals are more attractive to female passengers; young and
middle—aged passengers are prone to stay in non—functional areas and engage in consumption activities; passen-
gers who have not taken flights before have strong interest in various commercial facilities in terminals; and there
is a positive correlation between income levels and passengers” choice probabilities of non—functional areas of
terminals. Therefore, study on the differences in air passenger spatial behavior patterns has a practical value to
improve the management level of Nanjing Lukou International Airport and optimize spatial layout.

Key words: K-means clustering method; passenger behavior; passenger segmentation; spatial behavior pattern



