39 B4 2 ) R &K #E R ¥R Vol .39 No.2
2022 4 4 J1 Journal of East China Jiaotong University Apr. , 2022

& 42 :1005-0523(2022)02-0110-08
ETREFIMMERAZT B IRWUR

WEE B EW, TEAE

(TERAZERFEAE A b TR 2B, 7T 7S 330013)

WE AT A A %o B A 7 K A0 L% T B3 AT R E S b e R 84k, ™ B ATed A TR A I ehm 7 X X
2B BB LT A AT AT AR BTG P 4 — A AR B AR SR ey 7k B A RN ML Y L AR
HARME Bk R R R R AL gk, 3 Faster R-CNN A2 28 8847 202 | i i 4% 48 dk A R ok 38 3% H b R B AR w9 £ 45
e, BREN AR ZFFAEENELE T ABREEH LA THNEEBKEM A RGFARE, ARXRKBKT /S, T4 T
YRR IE) A TAT M

KW R EF 35 B AR Faster R-CNN; & s A 40 W %5 464 F

FE S ES . TM216 kAR RS A
AXSIRBX . HFF, B, 22, ATERES TG IHREET ABREMNBT R[] & F 8 K5 5K ,2022,39(2):110-
117.

DOI:10.16749/j.cnki.j ecjtu.20220314.010

Research on Insulator Self—Explosion Detection with Small
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Abstract: Aiming at the low efficiency of using traditional image recognition methods to diagnose self—explosion
faults in aerial images of insulators, and the current image detection method based on deep learning is mostly
carried out through the cascade network, which is difficult to directly locate the Self—explosive defect block, a
method for directly detecting the self-explosive defect block is proposed. The number of defective samples is ex-
panded through Generative Adversarial Networks to solve the problem of insufficient defective samples. In addi-
tion, the Faster R—CNN detector is improved to enhance its ability to locate small-scale targets through feature
fusion strategy. Experiments show that when using this strategy to directly detect insulator Self—explosion defects,
it can also achieve good results close to the cascade network, and greatly reduce the workload, save the training

time, so it is feasible.
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2 - Traditional way 472 raw data+945 extended data
3 - E-DCGAN 472 raw data+945 extended data
4 Feature fusion - 472 raw data
5 Feature fusion Traditional way 472 raw data+945 extended data
6 Feature fusion E-DCGAN 472 raw data+945 extended data
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